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Value-Verification Process Proposal for Launching New Services using Image Recognition Technology
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Abstract

Conventional prototyping methods are not suitable for evaluating proof of concept of services using action sensing due to their
constantly monitoring users. Therefore, it is difficult to launch new services through repetitive evaluation. We propose a
value-verification process for swiftly evaluating proof of concept using simple action recognizers that simulate action that prototyping
methods cannot. Our action recognizer can be trained using a small dataset for a short time because the recognizers consist of several
specific recognizers and a trained recognizer with a low computational cost. Assuming a virtual new service, we show that the

evaluation time in our process is shorter than that in a process that trains a recognizer from scratch.
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Fig. 1 Value verification process
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Fig. 2 Recognizer in the process that trains recognizers from scratch
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Fig. 3 Recognizer in our proposed process
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Fig. 4 Concept diagram of the squat counting service
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Fig. 5 Process flow of the squat counting service
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Fig. 6 Number of days of the proposed process and the process
that trains recognizers from scratch
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