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Tomato-Harvesting Robot using Al for Environment Recognition
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Abstract

In domestic agriculture, labor shortage is a major issue. However, cultivation of vegetables and fruits depends on work performed
by humans. With regard to such social issues, we are developing robots to automate harvesting work that depends heavily on labor
workers. In development, we used image processing to recognize both fruits and the environment. In this case, the fruit detection rate
was limited. Therefore, we attempted to improve the fruit detection rate and the recognition of details in the environment using Al
Herein, we report on the methodology and results.
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Fig.1 Farm environment and plum tomato
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Fig. 2 Tomato-harvesting robot
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Fig. 3 Image acquired by precision recognition camera
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Fig. 4 Tomato detection result
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Table 1 Tomato detection result
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Fig. 5 Environment recognition result
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Fig. 6 Ranking maturity results
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